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analysis to find interesting correlations and causes that helped it identify a deeper problem beneath
the surface. When viewing support tickets, in the context of customer complaints about late deliveries,
these tickets were closely linked to their suppliers. If a person complained because of a late delivery,
they also named the shipping company. The insights from this can be used to identify shipping
companies associated with disproportionate numbers of complaints and take appropriate action.

ID 79
Enterprise function: Logistics and supply chains

Name: Enabling predictive logistics

Context:

Otto is a major player in the German e-commerce market. An analysis of its data showed that returns
are less likely if the goods are delivered within two days. In addition, the majority of customers prefer
to receive their order at once rather than in multiple shipments. But it’s not easy for Otto to cater to
these factors, as the company sells products from different brands that it doesn’t stock itself. Usually,
this means either waiting to ship until all products are collected or sending multiple boxes that arrive at
different times.

Al System:

The solution to these problems is to better predict what the customers will buy so that these products
can be ordered in advance. To achieve this, Otto uses a deep-learning algorithm originally developed
for particle physics experiments at CERN in Geneva. The Al algorithm analyzes around 3 billion past
transactions and 200 variables such as past sales, search queries on Otto.de, and external information
such as weather forecasts to predict what consumers will buy. The system can now predict with very
high accuracy what will be sold in the next month, enabling it to automatically order around 200,000
items each month from third-party brands, without human intervention. At Otto, the Al system has led
to a significant reduction in product returns.

ID 68
Enterprise function: Marketing

Name: Brand mention monitoring / social listening

Context:

Somersby, a leading cider brand owned by Danish brewer Carlsberg Group, wanted to optimize

and better track their marketing campaigns. They developed numerous hashtag campaigns that
successfully engaged fans, and reinforced their success by building strong relationships with bloggers
and influencers. For example, when they launched a new Somersby variety in the Polish market, they
worked with dozens of bloggers and encouraged people to share content (especially photos) with a
special hashtag.

Al System:



Somersby used an Al-powered social listening solution from a third-party vendor to track this campaign
and monitor sentiment towards the brand. Thanks to this method, they were able to see that the
campaign improved overall brand sentiment and achieved tremendous social media reach. In addition,
the new drink became a bestseller in its category.

Unclear classifications

This chapter focuses on Al systems for which it is unclear whether or not they should be classified
as high-risk systems.

An overview of the 42 unclear cases is followed by an in-depth review of specific Al systems in the
areas of Critical Infrastructure, Employment, Law Enforcement, and Annex Il. For each application
area, the relevant classification rules are first listed. This is followed by the descriptions of specific
Al systems, including explanations of why the classification is unclear. The subsequent discussion
addresses possible reasons for uncertainty and provides a basis for recommendations for
adapting or clarifying the classification rules.

Overview

Of the 42 Al systems with unclear classification, 30 fall under Annex Il and 12 under Annex 1.

Unclear Classifications by Annex and Enterprise Function
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Enterprise Function

Within Annex Ill, the most unclear risk classifications are in 6) Law Enforcement, 4) Employment,
and 2) Critical Infrastructure. Together with the unclear cases from Annex II, the wording of four
parts of the Al Regulation result in more than 80% of the unclear classifications.
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The affected Al systems are presented in the following section, including a rationale for the
uncertainty. The aim is to gain a more nuanced understanding of the causes of the uncertainties.

Unclear cases according to Annex Il

Section in Annex |

Enterprise Function 2 3 4 5 6 8 Total
Accounting and finances 2 5 7
Purchasing 1 1 2
Research and ] ]
development
IT and security 2 3 5
Customer service 3 1 4
Logistics and supply chain 2 1 3
Marketing and sales 1 1
Human Resources 1 1
Production and ] ;
nmanufacturing
Legal 3 2 5
Total 5 2 5 2 13 3 30

Legal basis of the Al Regulation

Classification rules are the basis for distinguishing high-risk systems from other Al systems, so
any unclear wording in the Al regulation has a direct contribution to uncertainty among involved
stakeholders. Therefore, the following tables contain the relevant classification rules of the areas
with many unclear classifications, as a reference for the discussion that follows.

Enterprise function(s): Supply chain and logistics, IT and security

Classification criteria (Annex lll; Al Act proposal April 2021)

Section 2: Critical infrastructure (+recital 34)

(a) Alsystems intended to be used as safety components in the management and operation of
critical digital infrastructure, road traffic and the supply of water, gas, heating and electricity;
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Business Function(s): Human Resources, Customer Service, Supply Chain and Logistics

Classification criteria (Annex Ill; Al Act proposal April 2021)

3. Education and vocational training (+recital 35):

(a) Alsystems intended to be used to determine access, admission or to assign natural persons to
educational and vocational training institutions or programs at all levels;

(b) Al systems intended to be used to evaluate learning outcomes, including when those outcomes
are used to steer the learning process of natural persons in educational and vocational training

institutions or programs at all levels

4. Employment, workers management and access to self-employment (+recital 35):

(a) Alsystems intended to be used for recruitment or selection of natural persons, notably to place
targeted job advertisements, to analyze and filter job applications, and to evaluate candidates;

(b) Al[sic]intended to be used to make decisions on promotion and termination of work-related
contractual relationships, to allocate tasks based on individual behavior or personal traits or
characteristics and to monitor and evaluate performance and behavior of persons in such
relationships

Enterprise Function(s): Accounting and Finance, IT and Security, Legal

Classification criteria (Annex Ill; Al Act proposal April 2021)

6. Law enforcement (+recital 38):
(a) Al systems intended to be used by law enforcement authorities or on their behalf to assess the
risk of a natural person for offending or reoffending or the risk for a natural person to become a
potential victims of criminal offences;

(b) Alsystems intended to be used by law enforcement authorities or on their behalf as polygraphs
and similar tools or to detect the emotional state of a natural person;

(c) Alsystems intended to be used by law enforcement authorities to detect deep fakes as
referred to in article 52(3);

(d) Alsystems intended to be used by law enforcement authorities or on their behalf to evaluate
the reliability of evidence in the course of investigation or prosecution of criminal offences;

(e) Alsystems intended to be used by law enforcement authorities or on their behalf to predict
the occurrence or reoccurrence of an actual or potential criminal offense based on profiling of
natural persons as referred to in Article 3(4) of Directive (EU) 2016/680 or to assess personality
traits and characteristics or past criminal behavior of natural persons or groups;
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(f) Al systems intended to be used by law enforcement authorities or on their behalf to profile
of natural persons as referred to in Article 3(4) of Directive (EU) 2016/680 in the course of
detection, investigation or prosecution of criminal offences;

(9) Alsystems intended to be used for crime analytics regarding natural persons, allowing law
enforcement authorities to search complex related and unrelated large data sets available
in different data sources or in different data formats in order to identify unknown patterns or
discover hidden relationships in the data,;

8. Administration of justice and democratic processes (+ recital 40):

(a) Alsystems intended to be used by a judicial authority or on their behalf to interpret facts or the
law to apply the law to a concrete set of facts.

Enterprise function(s): Production, supply chain and logistics, IT and security

Classification criteria (Annex II; Al Act proposal April 2021)

Article 6 (+ recitals 30-31):

1. An Al system that is itself a product covered by the Union harmonisation legislation listed in
Annex Il shall be considered as high risk if it is required to undergo a third party conformity
assessment with a view to the placing on the market or putting into service of that product
pursuant to the above mentioned legislation.

2. An Al system intended to be used as a safety component of a product covered by the
legislation referred to in paragraph 1shall be considered as high risk if it is required to undergo
a third-party conformity assessment with a view to the placing on the market or putting into
service of that product pursuant to above mentioned legislation. This provision shall apply
irrespective of whether the Al system is placed on the market or put into service independently
from the product.

Recitals 27-32

Article 3

(14) ‘safety component of a product or system’ means a component of a product or of a system
which fulfills a safety undertaking for that product or system or the failure or malfunction of
which endangers the health and safety of persons or property;

Critical infrastructure

Logistics and supply chains

ID 74

Name: Fleet Management Example 1
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Context:

Linde is a multinational chemical company with global operations. The company’s delivery trucks travel
more than one billion kilometers each year. As part of a broader focus on artificial intelligence (Al) and
process optimization, the company is now developing solutions to improve the safety of these journeys.

Al system:

Collecting data is a key element of any operational process, as informed decisions cannot be made
without analyzing past data. With historical insights, millions of data points analyzed in real time are
examined. This results in the prioritization of opportunities and risks, allowing fleet managers and
drivers to determine the best course of action in potentially problematic situations. Working with a

UK start-up (Al experts in the transport sector), Linde had access to extensive data and began using
it to develop a new algorithm. The project focused on external factors rather than information about
the drivers themselves. Linde had access to the last 10 years of public transport data, including two
million accidents described in police reports, road topology data, weather data, road construction data
and traffic data, as well as Linde’s own driving records. Machine learning made it possible to identify
correlations between different factors, remove irrelevant information and predict what is most likely to
happen under certain conditions.

What is unclear?

The training data contains safety-critical data (including police reports) in order to use the Al system
to predict possible dangers for truck drivers. It is unclear whether the Al system is considered a safety-
critical component in the management of road traffic according to Annex lll para. 2 lit a), as a failure or
malfunction may lead to an increase in damage.

ID 75

Name: Fleet management example 2

Context:

American multinational technology company Amazon uses many different transportation services to
deliver packages. Amazon has long been criticized for pushing its drivers to make up to 200 deliveries a
day, which many believe is an unreasonable demand that can lead to tired drivers taking risks. Instead of
reducing these intense schedules, the company has begun using Al-equipped cameras to alert drivers
when they are breaking traffic laws or engaging in unsafe driving practices.

Al system:

Amazon is installing the Driveri platform from San Diego-based startup Netradyne in its vehicles. Their
cameras use four lenses that film the road, the driver(s) and both sides of the delivery truck. The
cameras, which are 100 percent operational, do not record audio and cannot be used to observe the
driver in real time. They have artificial intelligence that identifies 16 signals based on what is happening
around the vehicle and the actions of a driver. Anything illegal, such as failing to stop or driving too fast,
triggers audio responses, including “No stop detected” and “Please slow down.” Unsafe driving, such as
braking too hard, does not generate audio warnings but is captured in footage. This, in turn, is uploaded
to a secure portal for Amazon to review. While the cameras don’t provide a live feed, some signals can
prompt Amazon to contact the driver. For example, if a yawn is registered, the camera will indicate

to pull over for 15 minutes. If driver do not do this, presumably because of deliveries that need to be
completed, the supervisor could call and ask them to stop for a while.

Al Act: Risk Classification of Al Systems from a Practical Perspective

31



Note: This application has been significantly criticized and poses some ethical challenges, as some
drivers inside see a threat to their privacy.

What is unclear?

One of the purposes of the Al system is to prevent accidents on the road. A failure or error of the system
can contribute to an increased danger for drivers. It is unclear whether the Al system is considered a
safety-critical component in the management of road traffic in accordance with Annex il para. 2 lit a).

IT and security

ID 87

Name: Detection of sophisticated cyber attacks

Context:

A few years ago, a server breach at cormmodities trader ED&F MAN Deutschland GmbH was a wake-up
call to the increasing success of cyberattacks and the associated risk to sensitive data. An independent
assessment led the company to significantly improve its cybersecurity processes and tools and train
employees.

Al system:

The company was looking for an Al-based threat detection and response platform from a third-party
vendor. This collects and stores network metadata and enriches it with unique security insights. The
platform uses this metadata along with machine learning techniques to detect and prioritize attacks in
real time. This helped ED&F MAN Holdings detect and block multiple man-in-the-middle attacks and
stop a crypto-mining program in Asia. It also found command-and-control malware that had been
hiding for several years.

What is unclear?

The Al system supports the protection of a company’s digital infrastructure, but it is unclear whether or
which companies qualify as critical digital infrastructure within the meaning of Annex lll para. 2 of the

Al Regulation. The German BSI website' lists companies in the special public interest, which includes
Germany’s largest companies in terms of domestic value added, as well as major supplier companies
for these companies.

ID 90
Name: Vulnerability Management

Context:

For business advisory services provider Aprio, risk-based vulnerability prioritization was a time-
consuming challenge, requiring staff to manually assess what was important in the unique context of
each environment and be able to measure remediation results for each vulnerability. The challenge was
exacerbated by the complexity created by hybrid and multi-cloud infrastructures, where organizations

1 https:.//www.bsi.bund.de/EN/Themen/KRITIS-und-regulierte-Unternehmen/Weitere_regulierte_Unternehmen/UBI/
ubi_node.html
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management.

Al system:

Al enables threat detection software to think like a hacker. It can help software identify vulnerabilities
that cybercriminals would normally exploit and report them to the user. Unlike traditional methods, Al
also enables threat detection software to better locate vulnerabilities in user devices before a threat has
even occurred. Al-powered security goes beyond traditional methods to better predict what a hacker
would consider a vulnerability. Working with an external vendor, Aprio is able to automatically detect
assets and apply advanced machine learning to assess the risk that vulnerabilities pose in the context of
a given environment. The assessed Health Score also tracks the risk profile of customers and provides

a continuous, tangible measure of vulnerability management and remediation efforts rather than a
snapshot.

What is unclear?

The Al system supports the protection of digital infrastructure of various companies according to Annex
lIl para. 2 lit @) by detecting vulnerabilities. The companies that make use of this service may also include
companies from the critical infrastructure sector. With the same intended use (vulnerability detection),
the Al system can be classified as a high-risk or low-risk application depending on the user. It is unclear
whether the classification is now up to the provider (e.g., by restricting it to low-risk applications only) or
whether the Al regulation stipulates a classification as high-risk applications.

Note: Recital 34 of the draft EU Council would classify the Al system as a low-risk system (“Components
intended to be used solely for cybersecurity purposes should not qualify as safety components”).

Employment

Continuing education and promotion

ID8
Enterprise function: Human Resources

Name: Individual learning paths in personnel development

Context:

Although technological advancements have revolutionized L&D (Learning and Development) in
organizations over the past decade, there are still sorne common issues facing L&D professionals,
with one of the biggest challenges being the lack of personalized learning. Employees have started
to expect something different when they come to work. They want a personalized experience, not a
standard experience. They want processes to be tailored and work for them.

Another important factor is that each person has a preferred learning style and learns most effectively
using a particular method. This can be through video tutorials, written content, in-person training,
gamification, audio-guided presentations, or more.

IBM’s internal surveys revealed that several executives were struggling to keep their staff’s skills up-to-
date and relevant in the face of rapid digital transformation. In addition, they also discovered that there
had been an expansion of job roles and that there was a need to address these multidimensional job
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roles and changing demographics in the workplace. They were looking for a solution that would work as
a multidimensional solution that connected employees, stakeholders, content, services, and provider
with a central digital platform to address numerous different roles and needs. Traditional top-down
learning management, which decides who needs to know what, offered limited options for employees.

Al system:

Using Al, IBM developed “Your Learning,” a rich, personalized digital marketplace for learning. This
allowed employees to navigate to the learning content most popular with their team members, sign
up for targeted learning channels, and explore the skills and awards they needed to prepare for the
company’s most attractive roles.

The “Your Learning” platform also helped address workforce demographics, improve the employee
learning experience, promote career transparency and improve social compatibility in the organization.
A learning chatbot is also available 24/7 to answer questions. As a result, IBM’s Al-driven learning
platform saw an increase in enrollments and course completions, accelerating strategic skill acquisition.

Al-powered analytics and recommendations can be used to personalize each employee’s learning
needs. Customized courses can also be developed based on each team member’s skills, progress,
learning needs, skill requirements, and previous learning successes.

What is unclear?

The Al system generates, based on existing skills and learning outcomes, individual recommendations
for further training opportunities. This 1) assesses learning outcomes and 2) is used to guide the further
learning process (cf. Annex il para. 3 lit a) “Al systems intended to be used ... to assign natural persons to
.. programs at all levels; to steer the learning process of natural persons”), but it is unclear whether this
also applies to internal/non-formal education offerings.

Further, the Al system could fall into the high-risk class because employees’ skills are evaluated with
an eye toward promotion to a “attractive” position (see Annex I, para. 3 lit b) “Al intended to be used to
make decisions on promotion and termination of work-related contractual relationships ...)”

With recital 35, the decisive factor should be whether the respective Al system can “decide on the
course of a person’s education and professional life”. The relevance and the effects of the Al decision
are probably decisive, but it is unclear what the standard is here.

Task allocation (“to allocate tasks™)

ID 44

Enterprise function: Customer Service

Name: Chatbot Example 1

Context:

MAGGI is an international brand of spices, instant soups and pasta. It sells a variety of products around
the world. The company goal was to increase customer loyalty. It realized that there is one question that
customers are interested in every day: What should | cook today? Therefore, the MAGGI cooking studio
wanted to help its customers with recipes and cooking tips.

Al system:
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MAGGI has developed a chatbot called KiM (“Kitchen Intelligence by MAGGI”) that customers can
interact with via Facebook Messenger or WhatsApp. Customers can specify what they are looking

for based on ingredients they have at home, dietary preferences and restrictions, difficulty level and
preparation time. KiM then sorts out recommendations from 2500 different recipes. KiM can also answer
guestions about cooking and explain, for example, the best way to peel a pineapple. KiM uses NLP and
machine learning to understand logical structures of a conversation, search queries and automate
them over time. In the process, KiM learns and stores user preferences, becoming smarter and more
helpful from dialog to dialog.

What is unclear?

The Al system gives users individual recommendations according to their preferences (cf. “individual
behavior or personal traits or characteristics”) and then gives instructions on what to do, e.g. how to
peel a pineapple. The Al system appears to be primarily aimed at customers of the spice manufacturer
and not at employees (although this is not mutually exclusive), but in view of the wording of Annex I
para. 4 lit b), the Al system in question cannot be clearly described as “not high risk” because it is an

“Al system intended to be used to ... allocate tasks based on individual behavior or personal traits or
characteristics ...”.

ID 34
Enterprise function: Customer Service

Name: Automatic Call Management / Intelligent Call Routing

Context:

Swisscom is a major telecommunications provider in Switzerland. It is the leading provider of mobile,
network, Internet and digital TV services for businesses and private customers in Switzerland. Essential
to the company are 4,000 sales and customer service employees who handle more than 50 million
contacts a year, mostly incoming calls - in German, French, Italian and English. They also handle e-mails,
chats and letters.

Al system:

Through Al, Swisscom has better matched customer calls with the best-performing agent:s for
different types of interactions. By switching between traditional and predictive routing, the company
was able to accurately measure the effect. Average handle time was reduced by 3%. In addition, the
company uses intelligent call routing to not only reduce average handle time, but also to ensure that
customers are connected directly to agents with the right knowledge and skills. There was no negative
impact on other KPIs, such as speed of answer and number of abandoned calls.

What is unclear?

The Al system is a so-called Decision Support System (DSS), which suggests courses of action based
on the problem diagnosis. The Al system recommends the next best course of action and routes
incoming calls to the most appropriate call center agents. However, it is unclear whether this type of
task allocation falls under Annex Il para. 4 lit b of the Al Regulation.
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ID 76
Enterprise function: Logistics and supply chains

Name: Fleet Management Example 3

Context:

Linde supplies the CO2 cylinders used in pubs for beer dispensers and other beverage dispensers

to give them that fizzy goodness. In order to satisfactorily meet customer requirements and

provide reliable customer service, Linde had to make additional deliveries to pubs if the pub owner
requirements were not met in the first round of deliveries. In addition, in some cases, cylinders were
moved around unnecessarily and redundant deliveries were made to pub owners. Analyzing previous
data, Linde found that 350,000 gas cylinders per year were being unnecessarily driven around and
delivered to different parts of the UK, where Linde was testing the solution.

Al system:

Al algorithms use order history data and combine it with real-time data on other external factors

to create a more accurate demand forecast. This improved demand forecast is used to create an
optimized delivery schedule that is highly likely to be aligned with customer needs. Such an optimized
schedule can help reduce overstocks and understocks for both buyers and suppliers. In addition,
algorithms can be tailored to a specific buyer by using that person’s order history and combining it with
real-time data on other factors such as local events, regional holidays, and relevant weather conditions.

Linde’s digitization team used historical data on order information from over 25,000 customers and
used Al to determine the influence of other external factors such as weather, local events, holidays,
location of pubs and sporting events and their impact on beer consumption in pubs, which then
affected the amount of CO2 needed. The digitization team also mentioned that it could have a
“customized delivery algorithm” for each customer (in this case, pub owners) that would help deliver
the right number of cylinders that a pub owner needs and also deliver them at the right time.

What is unclear?

The results of the Al system influence or determine the routes and travel times of the employees
responsible for delivering the CO2 cylinders. The algorithm is also based on individual behaviors and
characteristics of natural persons, but those of pub owners and their clientele rather than employees.
Therefore, it is unclear whether or not the Al system constitutes a high-risk application in the sense of
Annex Ill para. 4 lit b).

Law enforcement

Prediction of crimes “on behalf of”

ID 106
Enterprise function: Accounting and Finance

Name: Intelligent risk assessment

Context:

Auditing seeks to ensure that the accounts of companies are properly kept, as required by law. Auditors
examine the statements before them, obtain evidence and evaluate the statements in their audit
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report.

Audit knowledge is to a large extent tacit knowledge that individual professionals have acquired through
experience. When formulating the risk strategy, an auditor’s knowledge from previous cases is very
valuable. Deloitte wanted to make the tacit audit knowledge of individuals more accessible to the entire
audit team. To enable knowledge and experience sharing, they began developing the Guided Risk
Assessment Personal Assistant Al tool, or GRAPA.

Al system:

GRAPA helps auditors to distinguish a chosen strategy from all other previously used risk strategies. It
uses a Deloitte database of 10,000 cases, and each case contains an average of fifty risks. GRAPA is not
a standalone application; rather, it is added to the software that accountants use when determining the
risk strategy. “It’s like asking a second person to read alongside you,” explains Van Gool (Audit Innovation
Leader, Deloitte). “But the advantage is that this second person has the combined expertise of Deloitte.”
He emphasizes that the auditor remains accountable for the risk strategy and audit methodology
chosen. “GRAPA highlights what has happened in similar cases. But if a company’s situation is special or
unusual, it is of course up to the auditor to adjust the approach accordingly.

What is unclear?

The Al system is used in the context of an audit to identify potential risks based on similar cases.
Companies are obliged to submit a proper tax return and violations can lead to a criminal offense.
The Al system helps to avoid such violations. In other words, it generates a prediction as to whether a
particular circumstance can lead to a criminal offense.

It is unclear whether the recognition of a possible criminal offense should be understood here as “on
behalf” of an law enforcement authority (cf. Annex lll para. 6 lit a)), because companies are legally
obliged to prepare a tax return.

ID 108
Enterprise function: Accounting and Finance

Name: Fraud Detection Example 2

Context:

Al-based monitoring of transactions in real time can help financial institutions combat money
laundering and payment providers detecting fraud. Data generated by real-time payments is fed

into the Al system, which then identifies suspicious transactions, stops their processing, and flags the
transaction for further review by human compliance officers. The fraud detection system is based on Al
algorithms that recognize patterns and identify connections within the data, which are then clustered
and classified. Over time, the system becomes accustomed to the data and detection accuracy
increases.

Al system:

Worldline, committed to the success and security of its customers, led A.S. Adventure to an innovative
solution - Fire by Fraugtser. Fire enables intuitive yet sophisticated fraud detection rule writing,
translating human thought processes into unambiguous rules. In addition, Fire allows users to test rules
before they are deployed, eliminating uncertainty in rule creation and ensuring accurate performance.
The move to Fire enabled A.S. Adventure to easily write and test fraud detection rules. By leveraging
Fraugster’s Al score, the company was able to reduce false positives to correctly identify good and bad

Al Act: Risk Classification of Al Systems from a Practical Perspective
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customers. Running simulations before a rule went live allowed A.S. Adventure to learn how effective
arule could be. Rule performance was improved, eliminating the need for manual reviews and saving
valuable risk management time.

What is unclear?

The Al system supports a financial institution in implementing legal requirements to prevent money
laundering. It is unclear whether the detection of a possible criminal offense should be understood here
as “on behalf” of an law enforcing authority (cf. Annex Ill para. 6 lit a)), because companies are legally
obliged to do so, e.g. by the Anti Money Laundering Act.

ID 109
Enterprise function: Accounting and Finance

Name: Automated expense check

Context:

Electrolux’s automation challenge was to increase centralization and improve processes while providing
a seamless experience for its many business travelers. The company also needed to maintain its high
standards and goals for regulatory compliance. Electrolux manually audited 100% of T&E (Transport &
Environment) claims and ensured timely, accurate reimbursements - a thorough but time-consuming
and repetitive process. Expense claims were first approved by a manager and then reviewed line-
by-line in the SSC. Rejected claims went through the process again, sometimes repeatedly. Receipts
appeared in different languages and reports showed varying degrees of compliance with T&E policies.
Duplicates were difficult to detect, additional approvals slowed operations, and it was impossible to get
an overall picture of repeat offenders. Some auditors did not have the knowledge and experience to
find all the errors and anomalies, and too much time was spent on low-risk claims submitted under the
guidelines. Electrolux was looking for a solution that would automate the process and allow its auditors
to focus only on T&E claims that required a higher level of attention.

Al system:

Electrolux searched for an innovative solution for a long time before choosing AppZen. Expense Audit
from AppZen could be integrated with Electrolux’s expense automation system to audit every line

item in expenses in real time. With its high level of flexibility, AppZen’s Al system can provide Electrolux
with key information from receipts to identify any major anomalies such as duplicates, out-of-policy
expenses or overcharges and comply with required policy rules. The Al system autonomously identifies
line items and their expense types and assigns each transaction to the appropriate employee. This
improves compliance enforcement and financial regulations.

What is unclear?

The Al system supports the company in complying with financial regulations. A breach of these
regulations may lead to a criminal offense. It is unclear whether the detection of a possible criminal
offense should be understood here as “on behalf” of an enforcing authority, because companies are
legally obliged to do so (cf. Annex Il para. 6 lit a)).



Evaluation of documents for legal proceedings

ID 54
Enterprise function: Legal

Name: Intelligent contract management

Context:

To comply with international regulations, companies with leases must go through thousands of
contracts one by one. This is an immense task, with an analyst spending around 90 minutes on

each contract. In 2019, for example, nearly all leases had to be accounted for under the new IFRS 16
accounting standard. For a telecommunications company that leases every pole and every piece of
land on which that pole sits, this meant going through hundreds of thousands of contracts in every
possible language.

Al system:

This time can be drastically reduced using machine learning technologies. To help companies with
tasks like this, a consulting firm has developed a user-friendly application that can be used by analysts
to review contracts. The application has a bot that can be fed a set of contracts. The bot gives the
analyst suggestions for dates that are needed, such as the start date of a contract. The analyst sees the
highlighted suggestion and indicates whether it is correct or not. The bot learns from this, which results
in subsequent contracts being analyzed a little smarter each time and the reliability of its predictions
increases.

What is unclear?

The Al system searches contracts for specific content and facts, which are then legally evaluated, e.g.

whether a contract needs to be extended in order to comply with a financial law. It is unclear whether,

in the case of a lawsuit, such an Al system would be evaluating evidence under Annex lll para. 6 lit d) or
interpreting facts under Annex Il para 8 lit a), and thus would be a high-risk application. The exception

in recital 40 (April 2021 draft) for simple administrative tasks (“ancillary administrative activities”) could

apply, but this is unclear because the Al system is used for individual cases.

ID 61
Enterprise function: Legal

Name: Evaluation of documents

Context:

The Civil Rights Corps (CRC), a nonprofit organization dedicated to combating systemic injustice
within the U.S. legal system, faced a fact-intensive case with more than 300,000 documents to review.
Faced with multiple defendants, a complicated set of facts, and many elements that needed to be
corroborated, the fact-gathering process involved reviewing thousands of files to uncover evidence
that would prove how the private parole system violated the constitutional rights of their clients.

Al system:

The investigative capabilities of an external e-discovery platform enabled the CRC team to discover
mountains of evidence by quickly searching these files. They used a special story-building feature to
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track the most critical documents from three defendants, collaborate virtually, and successfully prepare
for depositions. By streamlining the e-discovery process from data upload and processing to search,
review, and production, they were able to find meaningful information, bring hidden insights to light,
and act on key evidence. As a result, they were able to attach 95 exhibits to their briefing motion for
summary judgment. Since then, the team has used this Al solution in eight cases in seven states to
search records, identify potential witnesses, and bring forth their unique stories.

What is unclear?

The Al system supports finding, linking and summarizing facts for ongoing processes and could thus fall
under Annex Ill para 6 lit d) or para 8 lit a). In both cases, it is unclear whether the use is “on behalf of” a
public body.

Annex Il - Existing EU regulations
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ID 101
Enterprise function: Research and development

Name: Product Development / Generative Design

Context:

The production of electric vehicles (EVs) presents many challenges. Although automotive companies
are extremely optimistic about them - GM alone plans to launch at least 20 electric or fuel cell vehicles
by 2023 - such vehicles are more expensive to produce. For GM, generative design could help solve
these challenges by enabling lighter vehicles and a shorter supply chain. Electrification and autonomous
vehicles will fundamentally change the automotive industry. Therefore, it will be critical for companies to
be leaders in these highly technical areas in the future.

Al system:

In a recent collaboration and using generative design technology, GM engineers designed a new,
functionally optimized seat bracket, a standard automotive part that secures seat belt attachments to
seats and seats to floors. While the typical seat retainer is a boxy part consisting of eight pieces welded
together, the software has developed more than 150 alternative designs that look more like a metallic
object from outer space. GM’s chosen design is made of a single stainless steel part instead of eight, is
40 percent lighter and 20 percent stronger than the previous seat mount.

What is unclear?

Electric vehicles are machines in the sense of the Machinery Directive (Directive 2006/42/EC), which
is listed in Annex Il Section A of the Al Regulation for risk classification. The seat belt mount could be
considered a safety-critical component of the vehicle because the seat belt is attached to it. However,
the Al system is only used to develop the bracket, but it is not part of the vehicle.

ID 89
Enterprise function: IT and Security

Name: Network Threat Analysis



Context:

A global Fortune 100 pharmaceutical company wants to optimize IT support for the Internet of Things
(loT), wearables and other non-standard devices deployed by its business units. To better serve its
industry customers and reduce overhead costs, the company needs to securely and efficiently manage
non-standard mobile devices across the enterprise.

Al system:

The IT team uses a unified endpoint management (UEM) tool from a third-party vendor to drive
productivity and innovation across the organization and minimize overhead costs. End users can
complete the entire self-service enrollment process, from registering to downloading the app, within

5 to 15 minutes. The tool helps keep the organization informed of potential endpoint threats and
mitigations to prevent security breaches and disruptions. The solution provided clear visibility into and
control over the company’s global device inventory, which has grown to more than 80,000 company-
and employee-owned devices and about 800 apps. It also helped the team save time and reduce costs
by automating key configuration and support processes.

What is unclear?

This is a pharmaceutical company, so the affected end devices may include medical devices or in vitro
diagnostic devices as defined in Annex Il Section A of the Al Regulation, e.g. insulin pumps. It is unclear
whether an Al system with the purpose of protecting internet-enabled medical devices or in vitro
diagnostic devices from cyberattacks qualifies as a security component.

ID 82
Enterprise function: Logistics and supply chains

Name: Automatic inspection of economic goods

Context:

In industries such as logistics, damage and wear to operating equipment over time is commonplace.
Using a camera bridge to photograph cargo trains, Al systems are able to successfully identify damage,
classify the type of damage, and determine the appropriate corrective actions to repair them.

Al system:

First, cameras were installed along the railroad tracks to capture images of passing trains. The images
were then automatically uploaded to an Al-based image store, where Al image classifiers identified
damaged train components. The Al classifiers were trained on where to look for components in a given
image and how to successfully identify such parts and then classify them into seven damage types. As
more data was collected and processed, the Al system’s visual recognition capability improved to an
accuracy rate of over 90% in only a short period of time. The anomalies and damage detected by the
system were sent to a workplace dashboard managed by maintenance teams.

What is unclear?

The rail system falls under Annex Il Section B para. 5 and the purpose of the Al system is to identify and
report damage to wagons. As undetected damage can be safety critical, it is unclear whether the Al
system is a safety component in the sense of the Al Regulation.

Al Act: Risk Classification of Al Systems from a Practical Perspective
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Note: Because the Al system is classified as a high-risk system under Annex Il, Section B (and not
Section A), only Article 84 applies under Article 2 and not the high-risk requirements in Title 3.

ID 16
Enterprise function: Production and manufacturing

Name: Process control and optimization

Context:

Linde is a global supplier of industrial gases such as nitrogen, hydrogen, oxygen and many more, and
is active along the entire value chain from production, processing and distribution to application. The
operation and control of gas processing plants affect both productivity and costs, especially energy
costs. Plant control includes the adjustment of individual compressors, pumps and turbines, heat
exchangers and valves within a plant, but also the optimization of the overall system of a plant as a
whole.

Al system:

Linde uses artificial intelligence to predict plant behavior and develop fine-tuned strategies to reduce
energy consumption. The Al system is implemented using Deep Learning in combination with
Reinforcement Learning. This means that the parameters of the plant and its components are mapped
in a neural network, which then optimizes itself according to a predefined goal of the algorithm. For this
purpose, machine learning engineers define this goal, the so-called reward function (e.g., a reduction
in energy consumption), together with subject matter experts. The Al system is set up in a plant

that produces oxygen and nitrogen and supplies them to a directly connected customer. Reliability

and purity must therefore be stable at all times. Linde was able to refine the settings of individual
components while the plant continued to run with stable performance.

What is unclear?

The Kl system controls the energy supply of the gas processing plant, which presumably falls under
the Machinery Directive according to Annex Il Section A para. 1. It is possible that the plant also contains
protective systems in potentially explosive atmospheres (Annex Il para. 6 - Directive 2014/34/EU) or
pressure equipment (Annex Il para. 7 - Directive 2014/68/EU). It is unclear whether the energy supply of
such a system is to be considered a safety-critical component.



Discussion: Causes of uncertainties

Based on the Al systems with unclear classifications, this chapter explores the underlying causes
to formulate corresponding suggestions for improvement.

Critical infrastructure

Definition of “Critical Infrastructure”: European or National Definition?

Discussion:

For the correct determination of high-risk systems in the area of critical infrastructure, it is

essential which definition of critical infrastructure is used: the national or a European one? With the
understanding that defining critical infrastructure is a national competence, the national definition
of the German BSI was used in this analysis'. However, using the national definition hinders the Al
Regulation’s goal of strengthening the single market. In contrast, an Al system could be classified as
high-risk in some Member States, contributing to fragmentation of supply and deployment.

The European Council’'s November 25, 2022 draft includes a definition of critical infrastructure with a
reference to the resilience of critical entities Directive 2022/2557, after which the Al Regulation would
follow the European definition (if the proposal is successful).

Proposal:

e Use of a European definition of critical infrastructure to strengthen the single market.

e Statements at national level, e.g. from the BSI in Germany, on which definition is to be applied until
the (new) Directive 2022/2557? is adopted into national law.

e Create an overview for Al providers of how member states’ definitions of critical infrastructure differ.

Asset types and thresholds: adjustments for Al?

Discussion:

The national definition of the German BSI specifies asset types and thresholds to identify so-called
KRITIS companies. Looking at the Al systems under review, it is not clear whether the thresholds

are applicable accordingly. For example, for an “Intelligent Transportation System”, the “number of
connected users or average users served in the service area” is 500,000 (see Intelligent Transportation
Systems Act). Accordingly, would an Al system for route planning that also has safety-critical functions
be considered a high-risk system?

1 https://www.bsi.bund.de/DE/Themen/KRITIS-und-regulierte-Unternehmen/kritis-und-regulierte-unternehmen
node.html

2 https://eur-lex.europa.eu/eli/dir/2022/2557/0j3
3 https://www.gesetze-im-internet.de/bsi-kritisv/anhang_7.html
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Proposal:

e Review and, if necessary, adjustment of the types of assets and thresholds for Al systems by
national bodies (e.g. BSI).

e Maintain and strengthen Al competencies of national bodies to support Al providers in applying the
Al Regulation, e.g., through advice, guidelines, or in the context of Al Regulatory Sandboxes.

Definition of “safety component”

Discussion:

In some of the analyzed Al systems, it is unclear whether or not the Al system is a safety component.
This finding is important because this is a necessary condition for classification as a high-risk system.

The draft of the European Council of November 25, 2022 contains in recital 34 examples of safety
components in the area of critical infrastructure (“Examples of safety components of such critical
infrastructure may include systems for monitoring water pressure or fire alarm controlling systems in
cloud computing centers ...”), which are quite helpful.

To achieve climate goals (see European Green Deal), there is great potential for the use of Al, but where
the classification is often unclear. For example:

e Prediction of traffic volume in cities and Al-assisted traffic flow, such as traffic light systems.

e Prediction of energy demand in buildings and Al-assisted heat generation in decentralized
plants.

e Forecasting food demand and production to reduce waste.

Proposal:

e Cite other examples of Al safety components in all sectors of critical infrastructure e.g. water, health,
food.

e Clarify whether a safety component can also be software only.

Employment

Definition of “Task*

Discussion:

In some cases, an Al system generates prompts for natural persons, but it is unclear whether thisis a
task in the meaning of the Al Regulation. Examples:

e Recommendations, such as for cooking instructions, for example, how to peel a pineapple.
e Instructions for navigation or route planning in road traffic.

e Ordersthat an employed person has to carry out, e.g. delivery services.

44



The draft European Council of November 25, 2022, includes in recital 36 that Al systems should be high
risk for the purpose of task allocation because they have an impact on career development.

Accordingly, “tasks” seem to mean cases in which an employed person receives an instruction

and which, if not fulfilled, has a direct, negative and personal impact on that person’s professional
development. However, cases where the recipient has the discretion to follow (or not), or for which
there are alternatives, or when the suggestions are meant to inspire, would not be a “task” within the
meaning of the Al Regulation. In particular, an Al-generated request is not a task, if failure to comply has
no negative consequences for the person concerned.

Proposal:

e Addition of a definition for the term “task” to Article 3.

Interpretation of “work-related contractual relationships”

Discussion:

Another point with a need for interpretation in the context of task allocation by Al is the relationship
between the operator (user/deployer) of the Al System and the person receiving tasks from the Al
(affected person), because it depends on whether negative consequences are to be expected in case
of non-compliance.

Variants of such a relationship include, for instance:

1. An employee of a food manufacturer uses a cooking chatbot for private purposes.
2. A call center employee receives customer requests assigned via Al.
3. Atruck driver gets route suggestions from an Al.

Case 1probably does not fall into the high-risk class because there are no negative consequences to
fear in the event of non-compliance. In cases 2 and 3, classification as a high-risk system is possible
because the company wants to achieve an increase in performance with the use of Al. The decisive
factor here is what expectations and instructions the employer has expressed to the employee with
regard to the Al system. If the employee has an alternative to the Al system and there is no threat of
negative consequences, such Al systems may be low-risk.

Proposal:

e Clarify in which relationship constellations an Al system is to be classified as a high-risk system in the
context of employment relationships.

e A possible concretization of the high-risk classification is, for example, when
— the employer has authorized the use of the Al system.

— the employer has instructed the employee to follow the recommendations or prompts of the Al
system.

— the employee faces negative personal consequences if he/she does not follow the Al system.
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Law enforcement

“on behalf of”

Discussion:

The criteria in Annex Ill para. 6 apply to law enforcement authorities and to entities acting on their
behalf, but it is unclear under which circumstances the second aspect applies. When is something done
“on behalf of a law enforcement authority” and when is it not?

Examples:

e Afinancial institution that implements measures to prevent money laundering due to legal
requirements

e Anorganization that uses an Al system to help witnesses in court present “better” testimony and
evidence

e Anattorney representing a client in court and using Al systems in preparation

In these cases, a public body (e.g., tax office, court) requests information from affected companies or
individuals (sometimes by law), but in individual cases there is not necessarily a direct mandate.

The November 25, 2022 draft European Council includes the following exception in Recital 38:

“Al systems specifically intended to be used for administrative proceedings by tax and customs
authorities as well as by financial intelligence units carrying out administrative tasks analyzing
information pursuant to Union anti-money laundering legislation should not be considered high-risk Al
systems (...)"

Proposal:

e Clarifying explanations to the Al Regulation under which circumstances the use of Al is “on behalf of
a law enforcement authority,” e.g., in recital 38

e Exhaustive listing of existing laws in the financial industry that may be an exception (in addition to
the Anti Money Laundering Act).

e Build Al capabilities in the relevant bodies at national level (e.g. BaFin in Germany) to help
companies classify correctly.

“criminal offence”

Discussion:

Annex lll para.6 lit a) describes Al systems for predicting criminal offenses, whether as victim or
offender. It is unclear what exactly is considered or meant as a criminal offense, because the term is
not defined in the drafts of the Al Regulation. According to the German Criminal Code (StGB) § 12, any
illegal behavior is considered a criminal offense. Many of the Al systems examined (with a view to use in
companies) support activities that are regulated by law, e.g.road traffic, tax law, cybersecurity or labor
law. Here, it must be clearly delineated under which conditions the Al system plays the central role,
when it has a supporting function, and when the human is responsible.
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Furthermore, it is unclear whether the national definition of “criminal offense” applies in each case or
whether there is a uniform European definition.

Proposal:

e Definition of criminal offense, “criminal offense”, in the Al Regulation, or reference to an existing EU-
level definition.

e Clarification under which conditions an Al system is supported and not to be classified as a high-risk
system (cf. adminstrative tasks).

Evidence and facts

Discussion:

Appendix 3 para. 6 lit d) and para. 8 lit a) describe Al systems for evaluating or interpreting evidence
and facts in the context of a trial. Diverse Al systems in this study support tasks in this area, such as
searching large amounts of text for relevant evidence or reviewing contracts to gather specific facts
(e.g., deadlines).

With regard to risk classification, it is unclear under which conditions a document (or other information)
is to be classified as evidence or fact.

For example, is it required that a trial is already underway or are documents meant, that may become
an evidence in the future, such as contracts that are reviewed by an Al application to meet deadlines.

Proposal:

e Definitions and delimitation for the terms “evidence” and “fact” in the Al Regulation.

e Explanatory notes in recitals 38 and 40

Al Act: Risk Classification of Al Systems from a Practical Perspective
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Annex |

“Safety component” in the Al regulation

Discussion:

Determining whether a product falls within the scope of the regulations in Annex Il is usually
straightforward. The question of whether an Al system is a safety component was unclear in some of
the cases examined.

For example, when detecting damage on trains, the Al is neither part of the train nor of the railways.
Image recognition in itself (cameras on bridges) is not part of a product or the “rail system” and as such
does not pose a safety risk. But if the Al system does not function or functions incorrectly, consequential
damage can occur.

In another example (not part of the study), an Al-powered smartphone app for predictive maintenance
in elevators aims to predict, through the sensors in the smartphone, if there is damage to the elevator
or if/when maintenance is needed. Again, the app is not part of the product (the elevator), but a failure
or malfunction of the app can lead to damage.

Therefore, when identifying safety components, the determination of the system boundary is of central
importance. In a narrow interpretation (focusing on the Annex Il product), a supporting Al system, e.g.
for predictive maintenance, may not be a safety component.

Note: The term “safety components” is not defined in the initial draft of the European Commission,
but both the Parliament and the European Council have published corresponding proposals with the
definition.

Proposal:

e Clear definition of “safety component” in the Al Regulation.

e Clarification of applicable system boundaries in the identification of safety components (e.g., in the
recitals).

“Safety component” in the sectoral standards

Discussion:

The notion of “safety component”is central to risk classification and, in addition to the Al Regulation, the
harmonized standards also play a major role because they specify the meaning and put it into sectoral
context.

Ambiguities can arise here because there are already established standards that define the term
“safety component”, e.g. for medical devices in the context of essential performance (cf. IEC 60601-
1:2022) or similarly in the automotive industry (in accordance with ISO 26262 and IEC 61508).
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In addition, there are national laws and European regulations that contain similar definitions (e.g. BSI Law
§2 (13) for Critical Components in Critical Infrastructure, Annex lll in DIRECTIVE 2014/33/EU on Lifts and
Safety Components for Lifts).

Proposal:

e When harmonized standards are determined by CEN/CENELEC, the different sectoral definitions
are to be examined and evaluated and, if necessary, aligned.

e Competent authorities in Annex Il sectors should be tasked to publish guidance documents for the
identification of Al systems that are safety components in their respective sectors.

e Certification bodies are sensitive to sectoral variations in the definition of “safety component” and
recognize them during conformity assessment.

e The variations in definition (via sectoral standards and national laws) are recognized in the Al
Regulation, e.g., in recital 34

Redundant safeguards

Discussion:

According to the proposed definition of “safety component” in the EU Commission draft (April 2021), Al
systems can be a safety component, if their failure creates a risk:

‘safety component of a product or system’ means a component of a product or of a system which
fulfils a safety function for that product or system or the failure or malfunctioning of which endangers
the health and safety of persons or property;

In many safety-critical systems, redundant safety mechanisms already exist due to existing
requirements (e.g., the cooling circuit in nuclear power plants, the power supply in hospitals).

Therefore, it is unclear whether an Al system with a safety function is not a safety component if there
are redundant safety mechanisms in place. Example: In the Al-supported energy supply of a gas
processing plant, there may be redundant systems that step in if the Al system fails or is faulty. In this
case, would the Al system no longer be a safety component?

Proposal:

e Adjust the definition of safety components in the Al regulation with emphasis on cases where the Al
system is the primary or sole safety component.
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Recommendations

For politics

Area Recommendations

Promote e Provide comprehensive guidance for the correct risk classification
innovation of Al systems, including clear instructions and examples, especially
for Alin generic and industry-agnostic enterprise functions.

e Binding and fast response to questions regarding unclear
classification via a central European portal (to avoid different
interpretations) e.g. in sandboxes.

e Build up competencies, e.g. within the relevant authorities at the
federal and state levels, to assist companies with the correct risk
classification.

e Implement information campaigns targeting all audiences
(providers, operators, and individuals) to educate them on the
requirements and obligations of the Al Regulation.

Reduce costs e Standardization of definitions along national laws, European
regulations and sectoral standards. Inconsistent definitions create
redundant efforts without adding value.

e Accelerate the development of standards and guidance
documents that specify the requirements of the Al Regulation.
Legal uncertainty delays the use of Al due to a fear of making
mistakes. Accelerating the development or determination of
harmonized standard is important because otherwise, after the
end of the transition period, Article 43 para. 1 will require mandatory
3rd party certifications for all high-risk systems, which may lead to
waiting times at certification bodies, i.e. market access.
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